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Abstract

One of the most crucial information at the hotel banquet is revenue data. Revenue forecast enables
cost reduction, increases staffing efficiency, and provides information that helps maximizing competitive
advantages in unforeseen environment. This research forecasts the hotel banquet revenue by utilizing

ARIMA Model which was assessed as the appropriate forecast model for intermational researches.

The

data used for this research was based on the monthly banquet revenue data of G hotel at Seoul. The
analysis results showed that SARIMA(2, 1, 3)(0, 1, 1) was finally presumed. This research implied that
the ARIMA model, which was assessed as the appropriate forecast model, was applied for analyzing
the monthly hotel banquet revenue data. Additionally, the research provides beneficial information with
which hotel banquet professionals can utilize as a reference.
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{Table 1> SARIMA model
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Model Estimate Seb t-ratio Approx. prob
ARI1 0.206 —4.871 0.000
AR2 0.179 —3.983 0.000
SARIMA(2,1,3)0,1, Dz SMAI 0.307 2.255 0.029
AIC=1907.211 SBC=1920.012
AR1 0.159 —4.972 0.000
AR2 0.205 —2.377 0.023
AR3 0.221 —1.591 0.012
SARIMA(12,1,0)(0,1,1)1 AR4 0.201 ~1.615 0.011
ARI12 0.157 —1.473 0.015
SMAI 2.16 0.420 0.067
AIC=1939.300 SBC=1964.901
ARI1 0.13342 —0.601 0.550
SARIMA(1,1,0)(0,0,0)1
AIC=2509.5819 SBC=2513.7028
{Table 2> Evaluation of forecast result ZolS o Zalgon, oZHPHe H2AA Hi
Forecast Method Theil-U MAPE A} (unconditional least square)H o2 F73}IH
SARIMA(2,1,3)(0,1,1)12 0.83 13.22 o} &=717-e 2004 1L9EE 2008 129714
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{Table 3> SARIMA model(2,1,3)(0,1,1);, forecast result
Time Forecast value 95% LCL 95% UCL
2009M1 1934157291 1422324597 2445989984
2009M2 2536941078 2025027311 3048854845
2009M3 2347115194 1835197065 2859033322
2009M4 2591960820 2080042452 3103879189
2009M5 2615191460 2103273078 3127109842
2009M6 1724692904 1212774521 2236611287
2009M7 1447950542 936032159.0 1959868925
2009M8 2260504373 1748585988 2772422758
2009M9 2839123652 2327205228 3351042076
2009M10 2878581593 2366662455 3390500731
2009M11 3261268530 2749336488 3773200571
2009M12 2473547353 1945345474 3001749232
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