A Study on the Fault Current Discrimination
Using Enhanced Fuzzy C-Means Clustering
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Abstract - This paper demonstrates a enhanced FCM to identify the causes of ground faults in power distribution
systems. The discrimination scheme which can automatically recognize the fault causes is proposed using Fuzzy RBF
networks. By using the actual fault data, it is shown that the proposed method provides satisfactory results for

identifying the fault causes.
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Fig. 1 Fault Classifier Using EFSOSL

2. Radial Basis Function(RBF) Network
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