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Spatio—temporal Load Analysis Model for Power Facilities
using Meter Reading Data
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Abstract — The load analysis for the distribution system and facilities has relied on measurement equipment. Moreover,
load monitoring incurs huge costs in terms of installation and maintenance. This paper presents a new model to analyze
wherein facilities load under a feeder every 15 minutes using meter reading data that can be obtained from a power
consumer every 15 minute or a month even without setting up any measuring equipment. After the data warehouse is
constructed by interfacing the legacy system required for the load calculation, the relationship between the distribution
system and the power consumer is established. Once the load pattern is forecasted by applying clustering and classification
algorithm of temporal data mining techniques for the power customer who is not involved in Automatic Meter
Reading(AMR), a single-line diagram per feeder is created, and power flow calculation is executed. The calculation result
is analyzed using various temporal and spatial analysis methods such as Internet Geographic Information System(GIS),
single-line diagram, and Online Analytical Processing(OLAP).
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