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<Abstract>

GMM Based Voice Conversion Using Kernel PCA

Joonhee Han, Jae-Hyun Bae, Yung-Hwan Oh

This paper describes a novel spectral envelope conversion method based on Gaussian
mixture model (GMM). The core of this paper is rearranging source feature vectors in
input space to the transformed feature vectors in feature space for the better modeling of
GMM of source and target features. The quality of statistical modeling is dependent on the
distribution and the dimension of data. The proposed method transforms both of the
distribution and dimension of data and gives us the chance to model the same data with
different configuration. Because the converted feature vectors should be on the input space,
only source feature vectors are rearranged in the feature space and target feature vectors
remain unchanged for the joint pdf of source and target features using KPCA. The
experimental result shows that the proposed method outperforms the conventional
GMM-based conversion method in various training environment.

* Keywords: Voice conversion, Kemel PCA, KPCA, GMM method.
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2.2. Kernel Principal Component Analysis (KPCA)
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o sl Aate Aolh. =3, 4 SHE A 2HE FHI) Y8 spectral
envelope ¥5F o} &} residual signal® W& T2 P Aol
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