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( Development of the KOSPI (Korea Composite Stock Price Index)
forecast model using neural network and statistical methods )

o] & A", ul

-y

ﬁl}i‘l

- ET T3
A4 A

(Eun Jin Lee, Chul Hong Min, and Tae Seon Kim)

2 o

FAAGE A4 2 AR 42E TPY P FY 440 JFL B B A48 FANF ASRI ARE o)

$ o8 ZAZ AAAI Stk B =RelA e, A2 EH FAXNY e o)kt FRFIIAFEKOSPDE elFdhs
o] AE AJAe] 7]¥

& ALAY. S BE W BAE A2sH7] AA, Ao HEALTL EAFE, WA, dF

AAAH R 4G A% H(sub)ololHE BEESE ¥t Yrk KOSPI(Korea Composite Stock Price Index) #1Z5-& #%@
oo|MEA2Y FE R UM GARA, FHAREANE ol &sle] 2219 HF7IRAAARANA 12719 BAANEE F23%

. 9% 9 328 AANESE dFdnAst A0 B AFPLAPYS olfste] Tl & W 94Y ¥SES

BaA Bk A5ANE da TS AEZo] Y2 F Fe AYUIHE oz d3¢ AT A% A A%
Mol FRFAAFAS o) LREAES BFLALE nYh =8, AZAFol we} Bo] we NEATY FF 9

AF7t G2A Jeptuz AN Frid S do]"EA 28 727 §#83& BYTh

Abstract

Modeling of stock prices forecast has been considered as one of the most difficult problem to develop accurately since
stock prices are highly correlated with various environmental conditions including economics and political situation. In this
paper, we propose a agent system approach to predict Korea Composite Stock Price Index (KOSPI) using neural network
and statistical methods. To minimize mean of prediction error and vanation of prediction error, agent system includes
sub-agent modules for feature extraction, variables selection, forecast engine selection, and forecasting results analysis. As
a first step to develop agent system for KOSPI forecasting, twelve economic indices are selected from twenty two basic
standard economic indices using principal component analysis. From selected twelve economic indices, prediction model
input variables are chosen again using best-subsets regression method. Two different types data are tested for KOSPI
forecasting and the prediction results showed 11.92 points of root mean squared error for consecutive thirty days of
prediction. Also, it is shown that proposed agent system approach for KOSPI forecast is effective since required types and
numbers of prediction variables are time-varying, so adaptable selection of modeling inputs and prediction engine are

essential for reliable and accurate forecast model.
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Table 1. Standard basic Input variables for KOSPI
forecast.
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Table 2. Selected variables from principal component

analysis.
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Fig. 2 Loading plot resulls from principal components
analysis.
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Table 3. Chosen variables from best-subsets regression.
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Table 4. KOSPI forecasting results using neural network.
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Table 5. KOSPI forecasting results using regression.
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