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(Abstract)

An Effective Two-Step Model for Speech Act Analysis

in a Schedule Management Domain

Hyunjung Lee Harksoo Kim Jungyun Seo

Sogang University Kangwon National University Sogang University

Since speech acts implies speakers' intentions, it is essential to determine speakers' speech
acts if we want to implement an intelligenc dialogue system. We propose a two-step model
for effectively determining speakers' speech acts. In the first step, the proposed model
returns speech act candidates by using a neural network model based on machine learning
and a predictivity model based on statistics, respectively. In the second step, using speech
act candidates which are returned by the predictivity model, the proposed model filters out
speech act candidates which are returned by the neural network model. Then, the proposed
mode] selects a speech act with maximum output value among the unremoved speech act
candidates. In the experiment on a schedule management domain, the proposed two-step
modeling method showed better precisions than the previous methods only using a machine

learning model or a probability model.

Keywords : Speech act analysis, neural network model, predictivity model
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