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Abstract

It is show that increasing of aged and handicapped people requires development of Ubiquitous computing technique to
offer the specialized service for handicapped-people. For this, we need a development of Context Awareness and
Service Reasoning Technique that the technique is supplied interaction between user and U-environment instead of the
old unilateral relation. The old research of context awareness needed probabilistic presentation model like a Bayesian
Network based on expert Systems for recognize given circumstance by a domain of uncertain real world. In this
article, we define a domain of disorder activity assistant service application and context model based on ontology in
diversified environment and minimized intervention of user and developer. By use this context model, we apply the
structure learning of Bayesian Network and decide the service and activity to development of application service for
handicapped people. Finally, we define the proper Conditional Probability Table of the structured Bayesian Network
and if random situation is given to user, then present state variable of Activity and Service by given Causal relation
of Bayesian Network based on Conditional Probability Table and it can be result of context awareness.
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