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Abstract As the multimedia data increase a lot with
the rapid development of the Internet, an efficient retri-
eval technique focusing on individual users is required
based on the analyses of such data. However, user
modeling services provided by recent web sites have the
limitation of text-based page configurations and recom-
mendation retrieval. In this paper, we construct the user
preference model with a Bayesian network to apply the
user modeling to video retrieval, and suggest a method
which utilizes probability reasoning. To do this, context
information is defined in a real office environment and
the video scripts acquired from established cameras and
annotated the context information manually are used.
Personal information of the user, obtained from user
input, is adopted for the evidence value of the constructed
Bayesian Network, and user preference is inferred. The
probability value, which is produced from the result of
Bayesian Network reasoning, is used for retrieval,
making the system return the retrieval result suitable for
each user's preference. The usability test indicates that
the satisfaction level of the selected results based on the
proposed model is higher than general retrieval method.

Key words : User Modeling, User Preference, Video
Retrieval
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