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Abstract

Until now, there are many technologies to improve studying ability using e-learning system. In most of e-learning system,
learners are studying through the lecture materials and studying problems. The studying ability and intention, however, can
be improved through the shared materials and discussion. In this case, learning materials are shared by the learners’ discussion
and shared materials through the board Internet and MSN. Such data was not classified by learners; it was not easy for the
learners to search related valuable information. Therefore, it was not helping to leaming. The technologies of most text mining
extract summary data from the collection of document or classify into similar document from the complex document. In this
paper, we implemented e-learning system for learners to improve learning abilities and especially, applied text mining
technology to classify learning material for helping learners.

Keywords ' e-Learning, Text Mining, Clustering, Classification.
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