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(Recommendation System based on Tag Ontology and
Machine Learning)

Z Al A’ Ying Ding”
(Sin-Jae Kang, Ying Ding)

& o 2EYL HRE FHSPL AREAT A2 ARE Eo)7] S8 aX}H d4e 248 %%&%Eﬁ Ll
BA7]aL Atk B w=ES o )‘\"“*é’ Apo] B Ak o] ‘Rllf 44 dolElE AL ddshs e
AEe7) 8 deiMs, 29A, FRES 2 ﬂ%""“’ d B3 Abol=g) F%W‘ HolgE BAs, o
AR Mz e H dHolHE %_‘F}o}ﬂ Mz the 1‘5} o]l dZs] A% B LEEAE
ATt 3 B4 dolHe] 714 S ke Tr/‘} EHIL IJFS AHA 2F AEE 858§, B
SEEAE @l old 8 Weteny dud B 2ERAE o gt RUAYT FH ALFE A

Q.

A0 -

a4 W7, SREA, ASH s,

FA 49

Abstract  Social Web is turning current Web into social platform for knowing people and sharing
information. This paper takes major social tagging systems as examples, namely delicious, flickr and
youtube, to analyze the social phenomena in the Social Web in order to identify the way of mediating
and linking social data. A simple Tag Ontology (TO) is proposed to integrate different social tagging
data and mediate and link with other related social metadata. Through several machine learning for
tagging data, tag groups and similar user groups are extracted, and then used to learn the tagging
ontology. A recommender system adopting the tag ontclogy is also suggested as an applying field.
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