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Real-time Slant Face detection using improvement AdaBoost
algorithm
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Abstract

The traditional face detection method is to use difference picture method are used to detect movement.
However, most do not consider this mathematical approach using real-time or real-time implementation of the
algorithm is complicated, not easy. This paper, the first to detect real-time facial image is converted YCbCr
and RGB video input. Next, you convert the difference between video images of two adjacent to obtain and
then to conduct Glassfire Labeling. Labeling value compared to the threshold behavior Area recognizes and
converts video extracts. Actions to convert video to conduct face detection, and detection of facial characteristics
required for the extraction and use of AdaBoost algorithm.

Key words : face detection, AdaBoost algorithm
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with = € R¥,y, £ {1—1}

2. Initialize weighs w, (i) M S i=1,.N
m’n
m: number of positive, n: number of negative
3. Repeat for =1, T

fal Train weak learner using weight w;
(b Repeat for |=1,..., number of intial feature

Get weak classifier by = X—{1, —1}

with error e = Y w, (i )lh; (x; ) — ;| (positive)

n
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choose the classifier using error (e, &, )
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Table 1. Result of Men face detect
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