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A study on removing blocking artefact noise for highly
compressed images
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Abstract

Blocking artefact noise is necessarily happened in compressed images using block-coded
algorithms such as JPEC compressing algorithm. This noise is more recognizable especially in
highly compressed images. In this paper, an algorithm is presented for reduction of blocking
artefact noise using wavelet. Furthermore, we also mention about the median filter which is often
used in image processing. Moreover, we compared the algorithm in this paper with the median
filter, and its result was much better than the median filter both visually and numerically.
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Fig 4.1. Removing blocking artefact noise using
the algorithm in this paper
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