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Classification of Proximity Relational Using Multiple
Fuzzy Alpha Cut(MFAC)
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Abstract

Generally, real system that is the object of decision-making is very variable and sometimes it lies situations with
uncertainty. To solve these problem, it has used statistical methods as significance level, certainty factor, sensitivity
analysis and so on.

In this paper, we propose a method for fuzzy decision-making based on MFAC(Multiple Fuzzy Alpha Cut) to improve
the definiteness of classification results with similarity evaluation. In the proposed method, MFAC is used for
extracting multiple o — Jepe/ Wwith proximity degree at proximity relation between relative Hamming distance and
max-min method and for minimizing the number of data which are associated with the partition intervals extracted by
MFAC. To determine final alternative of decision-making, we compute the weighted value between extracted data by
MFAC

From the experimental results, we can see the fact that the proposed method is simpler and more definite than
classification performance of the conventional methods and determines an alternative efficiently for decision-maker by
testing significance of sample data through statistical method.

Key Words : Fuzzy decision-making, Fuzzy relation, Similarity relation , Proximity relation, multiple fuzzy alpha cut,
Proximity degree
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