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Abstract

For effective mobility control of UGV(unmanned ground vehicle), the terrain cover classification is an important
component as well as terrain geometry recognition and obstacle detection. The vision based terrain cover classification
algorithm consists of pre-processing, feature extraction, classification and post-processing. In this paper, we present a
method to classify terrain covers based on the color and texture information. The color space conversion is performed for
the pre-processing, the wavelet transform is applied for feature extraction, and the SVM(support vector machine) is
applied for the classifier. Experimental results show that the proposed algorithm has a promising classification performance.
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Fig. 1. Flow chart of the proposed algorithm.
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