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Abstract :

Path finding is a key element in the navigation of a mobile robot. To find a path, robot should know their

position exactly, since the position error exposes a robot to many dangerous conditions. It could make a robot move to a
wrong direction so that it may have damage by collision by the surrounding obstacles. We propose a method obtaining an
accurate robot position. The localization of a mobile robot in its working environment performs by using a vision system and
Virtual Reality Modeling Language(VRML). The robot identifies landmarks located in the environment. An image processing
and neural network pattern matching techniques have been applied to find location of the robot. After the self-positioning
procedure, the 2-D scene of the vision is overlaid onto a VRML scene. This paper describes how to realize the
self-positioning, and shows the overlay between the 2-D and VRML scenes. The suggested method defines a robot’s path
successfully. An experiment using the suggested algorithm apply to a mobile robot has been performed and the result shows a

good path tracking.

Keyword : computer vision, path finding, autonomous robot localization, back-propagation, VRML
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Fig. 1. Coordinate of mobile robot.
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Table 3. The rate of pattern recognition by using neural network.
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Table4. Data statistics after error compensation by using VRML,
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