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Abstract

It is necessary to analysis the data characteristics of discharge and water quality for efficient water resources management,
aggressive alternatives to inundation by flood and various water pollution accidents, the basic information to manage water
quality in lakes and to make environmental policy. Therefore, the present study applied Self-Organizing Map (SOM) showing
excellent performance in classifying patterns with weights estimated by self-organization. The result revealed five patterns and
TOC versus rainfall-storage data according to the respective patterns were depicted in two-dimensional plots. The
visualization presented better understanding of data distribution pattern. The result in the present study might be expected to
contribute to the modeling procedure for data prediction in the future.

keywords : Artificial neural networks (ANN), Map size, Pattern classification, Self-organizing map (SOM), Total organic

carbon (TOC)
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Fig. 2. Weight matrix.
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