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The Diagnosis of Squirrel-cage Induction Motor Using Wavelet
Analysis and Neural Network
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Abstrcat

The induction motor is given a great deal of weight on the industry generally. Therefore, the fault of the induction
motor may cause the fault to effect another parts or another faults in the whole system as well as in itself. These are
accompany with a lose of the reliability in the industrial system. Accordingly to prevent these situation, the scholars have
studies the fault diagnosis of the induction motor.

In this paper, we proposed the diagnosis system of the induction motor. The method of diagnosis in proposed system is
extracted the feature of the current signal by the wavelet transform. These extracted feature is used the automatic
discrimination system by the neural network. We experiment the automatic discrimination system using the three faults
imitation that often generated in the induction motor. The proposed system have achieved high reliable result with a
simple devices about the three faults.
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Table 1. The characteristic of induction motor
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