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ABSTRACT

This paper presents a new saliency map which is constructed by providing dynamic weights on individual features in
an input image to search ROI(Region Of Interest) or FOA(Focus Of Attention). To construct a saliency map on there is
no a priori information, three feature-maps are constructed first which emphasize orientation, color, and intensity of
individual pixels, respectively. From feature-maps, conspicuity maps are generated by using the It's algorithm and their
information quantities are measured in terms of entropy. Final saliency map is constructed by summing the conspicuity
maps weighted with their individual entropies. The prominency of the proposed algorithm has been proved by showing
that the ROIs detected by the proposed algorithm in ten different images are similar with those selected by one-hundred
person’s naked eyes.

Key Words : Saliency map (2# & 2| &), Feature-map (54 2| X), Conspicuity map (B2 # =), Region of
interest (%4 4 9), Focus of attention (¥4 A %)
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Fig. 1 Flow of saliency map construction
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Fig. 2 Example of feature map construction
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Fig. 3 Conspicuity maps extracted from the feature maps
given in Fig. 2
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(b) in case of proposed
algorithm

(a) in case of person

Fig. 5 Comparison of Regions of Interest selected by 100
people and the proposed algorithm

Table 1 Detection ratios between ROIs which are selected
by both 100 people and the proposed algorithm

Algorithm
— Ist | 2nd | 3rd | 4th | avg
Human
Ist 8 1 3 1 -
2nd 1 3 5 -
3rd 1 -
4th 1 4 2 -
Selected
100 | 60 | 60 [ 80 [ 75
rate(%)
Table 1 & A FneFo] Meg FAYY
7} 100 %‘«1 Abgo] %—‘é?} FFAA A8 F4
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