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Abstract

Key-frame selection algorithm is defined as the process of selecting a necessary images for 3D reconstruction from the
uncalibrated images. Also, camera calibration of images is necessary for 3D reconstruction. In this paper, we propose a
new method of Key-frame selection with the minimal error for camera calibration. Using the full-auto-calibration, we
estimate camera parameters for all selected Key-frames. We remove the false matching using the fundamental matrix
computed by algebraic deviation from the estimated camera parameters. Finally we obtain 3D reconstructed data. Our
experimental results show that the proposed approach is required rather lower time costs than others, the error of
reconstructed data is the smallest. The elapsed time for estimating the fundamental matrix is very fast, and the error of
estimated fundamental matrix is similar to others.
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Fig. 2. Flowchart of proposed algorhtim.
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