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Context based User Required Services Reasoning Model

i A
(Kwang-Enu Ko and Kwee-Bo Sim)

Abstract : [t was already realized at a current technological level of home network systems that the systems recognizes a
user’s simple order and carry out the order in the ubiquitous computing environment. However home is not a simple
environment consisting into a large number of family members, so various order and situation would be needed accordingly.
From now on we need to reach the technological level to infer that how is the user’s behavior patterns and what kinds - of
service is the fittest to user who belong to the ubiquitous computing environment by using the result of the context
interpreter. In this regards, active inferred-model needs to be suggested upgrading user’s command into one step more higher
level than the simple one adapting diversified feature. This study would like to suggest this active model recognizing context,
which is user’s environmental information applying basic network and inferring Context-based Service that user wants through
the recognized result This study proposes a new method that can infer the user’s desire in ubiquitous computing environment.
First of all, we define a context as user’s information of ubiquitous computing environment situation that user belongs to and
we classify the context into 4W1H(Where, Who, When, What) formats. We construct Bayesian network and put the factor of
context use as Bayesian network nodes. As a result, we can infer the user’s behavior pattern and most proper service for user
in the intelligent space from the probabilistic result of Bayesian network.

Keywords : context, context awareness, bayesian network, service reasoning
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Fig. 1. The process of context awareness.
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Fig. 2. The process of user’s behavior reasoning.
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Table 1. The information of service offer user(Who) node.
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Table 2. The information of service offer place(Where) node.
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Table 3. The information of service offer device(What) node.
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Fig. 4. The process of user required service reasoning.
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Table 5. The definition of user’s behavior in living room.
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Table 6. The definition of user’s required service in living room.
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Fig. 5. User required service reasoning bayesian network.

A FAReE AddMe] AR EdAT AERA
AE 7Fed Anlzd] oigk Folrt Basith & 59 X 6
A AR W& BF, Bt

ol AFFAH AnlZ Listo] AsS Adolgk=
1ol B 7H5E context R4S B8 wlo]AQt YE
9aE 73t 2ok

A 7 T dellMe] wolAet vENa TxE
AEA ez e o dEA oEz AN
393 Adel o3 ALAA B Jhsd AF FA 9
W =A% gl W gt e Foll A8 a7
AMulzol B o) Thssith AR W] A4 sbe
4 FUL Aste o oA MEH A ZRIYE o
83l AFARIIT

V. Algdo|d & o} pnxt
1. NeticaS O|E$} Bayesian Network

Norie 453 Waitching TV 851
Ventilation Contral.*8.2%
Hlumination Control: 485

23 6. Netica software S 083} ALE-A} S5 4] =2,
Fig. 6. User behavior reasoning using Netica software.
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