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Traffic speed data may be missed due to detector malfunction or network problems. In this
paper we have proposed effective methods to estimate the data which could not be collected
through loop detectors. Our proposed algorithm has three steps. First step is to find the most
similar neighbor data record by coefficient of correlation. Second step is to make some data records
which is calculated by the 5 kinds of estimation methods. Third step is to compare the data
records with history data record of observation link and thus the best method is selected. The

proposed method is useful for estimating travel time.
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for 5 :=1to4 do

begin

fori = 1tom do

begin

G = method () (x.¢):

€ = |Q711|/11

E(j) = E()te:

end:

end:;

fori = 1tom do

begin

G := linear regression(x.?)):

e = |G —a|/x;:

E(5) = E(B)+e;

end;

for ¢ = 1to 5 do

begin

if E() < E,, then

{pi=i E, = EG):}

end;

if p > 5 then

f := method (p) (x.®)

else

! = linear regression(x.v):
return (f);
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