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1 Principles of ECT: (a) positron emission
(PET). (b) single photon
emission computed tomography (SPECT).
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Fig. 2 The Fourier Slice Theorem: (a) Parallel
projections taken by measuring a set of
parallel rays at angle 6. (b) The relationship

the of a

projection and the Fourier transform of the

object along a radial line.
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Fig. 3 Image reconstruction using FBP: (a) Projection
data. (b) FBP reconstruction.
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Fig. 4 The weighting factor that represents the
contribution of the jth pixel to the ith ray
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Fig. 5 An example for 2X2 ART reconstruction
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Fig. 6 Complete data (c;;) and incomplete data
(g;) in EM
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Fig. 8 Qualitative comparison of PET reconstructions:
(a) FBP. (b) ML-EM (30 iterations). (c) MAP
with quadratic QD prior. (d) MAP with
convex-nonquadratic BS prior.
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