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A Study of Music Recommendation System in P2P
Network using Collaborative Filtering

Hee-Jae Won*, Kyu-Sik Park”

ABSTRACT

In this paper, we propose a new P2P-based music recommendation system. In comparison with previous
system in client-server environment, the proposed system shows higher quality of music recommendation
through real-time sharing of music preference information between peers. A collaborative filtering is
implemented as a recommendation algorithm. As a user preference profile, we use the inherit KID music
genre index contained in all legitimate music file instead of music feature vectors as in previous research
so that the proposed system can mitigate the performance degradation and high computational load caused
by feature inaccuracy and feature extraction. The performance of the proposed system is evaluated in
vartous ways with real 16-weeks transaction data provided by Korean music portal, S company and
it shows comparative quality of recommendation with only small amount of computational load.
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