AR 2, A198 A4z
Korean Journal of Cognitive Science
2008, Vol. 19, No. 4, 477 ~497.

AR 7t B2 FA ERE A% ¥4 A &
@0l 7kA A4 71We adel i A7

¥ 5 % 3 g X W N
dEgRsddsa 39

BN o] 2ol BRI FANE Este AL OUF § $8Mu 2 4
T e T2 D25 ANSIER, 21 FAd ¥11 E detdte AL v 448
dolth. & =EdME B2 FAd Edshs e B Fge BRe) d8) 24
of Azjst Mz L Tho] 7159 A go] Aol njAE= P el BTHTE 53, 244
A7t AR A FEE 2O ngamE S8 ¥} AlE nEstsln DEA 7|
o} 12| A A(Corpus-specific Term Weighting, CSTW)S %3] 44 /% A5gde A
HE7|= gk AEE de BRa ENER Ad 9EAE PEen 4y 55 B4
(Enhanced Mood Flow Analysis, EMFA)T} R|AME 7| A 718t 723 E-H(Support Vector Machine

based Mood Classification, SVMMQ)2] & 7}2) B87|¥q) gis) 28-S a9k Asled 23
o} n-gram®] A8-& EMFASM A7 7+ EF A% 3L HoFon, osTwe] A
& TRDFU TRl ¥l8) B} 2 7 BF 4%S Jehigich

FHOl : ZH B, ZFSHE £HO| n-gram, ©ol 71Ex| Aa, YESEEA XXM ||
oY 2R

P2 ATE ANAY 9 AREAAPATAS TALAEABIGY dBoR 59
[2008-F-047-01, Urban Computing Middleware 7]& 7| 8lx, #}E7]<4X(K20711000007-
07A0100-00710) ¥ =387 edAActe] Y- waokonm 2008d% 294 BK 21 A}
del Aoz s AFYT

T Az HA4E, Sy ReAden TR ug, A7AREoR FRAM Ado)Ag,
23y o], Email: myaeng@icu.ackr
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oIZ|Tte}, M19H M4

A &

23 #Ade 479 el WA e B 3ol olEd e
7o g B2 BAE E£R4E AL 43 #dd g FAAp| s} A
o &82 F 3lo] 2 LY A7t ol FoA R Ut dE B0 TR Ao
AdE o] ¥z, 4 Zo|, PMER 52 7oz AAHEASVM 71HE &
&alod £21 49 Y E/E A=de 77 dTHLL 39 o, 23
1"&:/\191 e bl \4“6& Ae getalr] fal B £7718 A=t T
£ dste ATE ov] A=HATH2L
= ﬁ-’r%ﬂ/ﬂ—‘:— 7.}7& 79 A%S P S b 22 HEE F L

i) m\ru

153} 3t} oA sentimene F-4]o]]
it ?“L'TLEB, . 5 6}—?: F2 BE HR T A el 3%/
F3E B3 gdsled 4 Foleu, #40 HEd deise AEE 4
7 AYPEA] RPom Ao Ayt 2 BF 4% Fdl viAe ¥ o
AXe BEstA HFHE vt sl

B4, B2 &4 oA FEAA Yehde doARES BRI A
T A2 dol 7R AEE AL} 71E sentiment B4 AT, 7oA E
Tole] Z2ANEE IH/FF] BRE A dof 7HEA At o &aAAT, 4
7¥A A=l ol EAsle B2 MM I EFde & 4% vE
WA Z3oh

£ d7E 2% TBA(mood copusyoll A WEhE thdek Fole] gl of
g ZALE VIvte 2 S4E 2 DAt THE A HEHE 50 ngram Al
2 o] 7R Adge] g AE 5 e T EFHFHeE Hed

A goldth 53], M2 thE A e 3 £F JIHeR AUddE 2

£-2J(Enhanced Mood Flow Analysis, ©]3} EMFA) W3} 2| X|¥E]7]
d E-F(Support Vector Machine based Mood Classification, ©}3} SVMMOC)
of A ZIMEL ALt 1 AL AFAC:
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BB seniment ¥4 ATH, GIAE G5 D BNES wigamit T
340l AE EPD bigmBe AL AN TR BREFA, ¥E, 3D 3
Shie BReh 4SSt olUe A7 Rz AFAA F2EL 29)

ERINE A /NS BF 180 sentimene EAolE HriAOoE F
o

< A3 UL sentiment A7)0 AEE A 4 dda slEdtn ok
B2 uni-gamA} AR ALES [5, 610] APE whateln] B
AHEI7) A 719 sentiment B4 ¥hHo] Aio] ¢ =rlm 2R 1 lole=
001% FEQIEE nn|gt $Folt}.
NZ2ATED vmsl] B dpdMe
YoM Holu 47149 2 H(E, 3, £F,
ok w=E Y B NS 4%

o 7FA AXEE Adste 2 ¥

24 Z-R] (Mood Corpus)

2 @7dME A g2a BEXE
2ol3 Qe “LiveJournalcom™®] B2 EXMEEL 38l LExX ] T3 '5}'93\"4'
o] B2 BAES BAT] ARY B2aE A4 A 13249 24 2
ShhE Qe S WEel, 24 Bu Ak A S Ao S 85
hoAEE 98 O FIEE $F B FAedl dede 84 dEe
LiveJournal®] 7+ A&TFZ(Hierarchy)VE ZFxale] ZZ3l1 ol f@she <

o
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QIX|TtE}, H193 H4S

50GBel| €3he A& +Hss

olg A&l A4 Fa I ALES T e 140009 79 BAE 7)A
Aoz 2% 3, dold &3 HIUA o] FFLE Feshe BAMES F
F BB 2FAF o] HAM EMY Hol7t Wi FolA ZAA Hdol
ofufstAY, F-oluldtA Aol TEX el EFFAIF7] o EZ EMEES H)
Astd, BER AT 5~40FFC2 o]HA E21 FAUE ZTFANAT 12 F
#ale 471 2Rl 22 10007 o]de] BME SR A, o ¥ B
2039 23 LiveJournalcomol| Al £271 FAE £33 @ HIFdd HF 753 1234

LA 74 $AE HAE:

E 1. Z4Y 4SA 759 A

Ist 2nd 3rd 4th - 13th  14th - 20th  total

Happy 877  L111 2017 4,005
Sad 50 93 53 128 145 e 1,032
Angry 22 33 27 37 280 85 1,139
Fear 8 5 2 16 i 202 67 e 33 1,032
Total 957 1,242 2,099 181 482 297 33 7,189

240 9 ¥4 2 37549 ¥4 ngrm

$e7t gL Gl BN WG & e PEAY 2PRAE A 37X
FFrnot FEE, no FAHE, never FH D7} Slewl, EE e ol )~3)F 2ok
(1) I'm not hapby right now.
(2) T have no dream and no hope.
(3) I am never good enough.

1) http://www.livejournal.com/moodlist.bml?moodtheme = 140&mode =tree
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ARH S/ 4 /It 820 B4 £RE A8 SA01 A2l ¥ CO! 7KK NS Jluel ST o 7

ool HE 9o AY W 2d N YRS AR Folry] Y A
TEY A BFAY 4E B2 EXE U8 PosHA S dstn 2o A
o Yehte HEES FAH 2872 Zold E 29 22 BRIy

HSstelth. F 7189219 £AH7.285749 RAE E3 BRI 3717 B o]
Foll &l 127029 HEARQ] selo] AALAUAE, s/l HH@HH], 2, 3, 6,

do it

E 2. 4% USHoM ESH 2HE29 i £

Hes LIRS s
1. AVor V + not + (ADV) + V
9075 56.51%
e.g., I do not like Mare's friends.
2. AVor V + not + (ADV) + A
1344 8.37%
e.g., I'm not happy right now.
not
3. AV or V 4+ not + (DET) + (ADV) + (A) + N
1711 10.65%
e.g., This is not a good thing.
4. AV or V + not + PREP 887 5.52%
5. AV or V + not + PRO 3 0.02%
6. no + (DET) + (ADV) + (A) + N
D V) ) 1349 8.4%
e.g., I have no good grade.
no 7. no + (DET) + A 167 1.04%
8. no + COM 71 0.44%
9. no + V-ing 55 0.34%
10. never + (ADV) + V
1090 6.79%
e.g., I have never felt good.
never
11. never + (ADV) + A 36 0.22%
12. never + AV 29 0.18%
718} 243 L51%
27 16060 100%

AV(Auxiliary Verb), V(Verb), A(Adjective), N(Noum), ADV(ADVerb),
PREP(Preposition), PRO(Pronoun), COM(COMParative degree).
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QIX|ItE!, H193 H4s

10)°] 90% °|’d2 AA|8IATh

aeli AR dolEd AR A 16060 B F F 17% FETo] 7
BA olGffective words)E EF3I e, 2 AEnit RAE A #HS
BHes AL 98 71| d9i :::—5—%*01] e BAE0l Bon, Fil &

A %
Atst 22 o7t @ 4 W] AMgHE T 23 ol ZsAl dalst
€ Hd= 77 44 9= d8 ddHolA] Reint

b e BY, oA § 2tk A Eoh N9 o] Fofl Affective
Norms English Keywords(0]3}, ANEW)(8] 2] ~E wole} Aoyl £3d AFE 1
got] Aetd E8E FE5te 2ol o 84U Ao EAHUG

ook HAR e g E]— 7] Aal, ZF FAo(not, no, neven?} QAF I Lol &S

Agsle A2 FholE WET FAstsld, o] "FHEE FHO ngum'S 2
gttt gtste —'?‘7§°1 n-grame FA38L7] Y8l E-LolGop words)E A A3}
o 9ul gle gold g W E WA, v e FHA DolEE Hoked
ANEW | £Eo] vow doj7l XFE FFES F2 FEIUSU, & 32 23
HE 10139 st F4o] n-gramEe] Aol

E 3. HuslE 230 n-grame| oA

n-gram Example Features

n=2 Not hurt, not pain, never happy, not sad, no money, no success, ***
n=3 Not lot fun, no fun sick, not admit sad, not optimistic happy, -
n= Not found makes happy, never feel bitter lost, -

452 716 do] 715A A

2 e

€ A7dME Fold 820 ENES VY ZHEAE, €8 =, 7
o2 A2 EF AT A2 ©o) 7HEA AEeE ndsigEd,
LEAE 7INte g FEASES & e AESEE CSTW(Corpus-Specific Term

o{a
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FE S/ 487 220 BN 2RE st RH0 X2 ¥ Ho| 7iEX| Mg J|go| o] et T

Weighting)} 37 3153
Fol2 wolel el o7t 47 4FFe] AL Dokt & deiEAS 9]
she 471408 7153 Rtbappy, sad, angry, S TR1F 5 YTk 2 2ol BHR

W={wl,w2, -+, wi}: ‘&01 YrE
M=[mlm2, -, mjl: 48 ¥F & =FdA j=4)

@

A 5 Aok 714 Pm|we ©ol wE E?}f.}é}—‘:— A7 A HF moll A vebe

Zl YERH AL, pm2 A TEA FolA A HF me 7S A9 ¥

< g o7t 53 4% HFe dal dee A 4
% +E TN F AT d A 2R 53,

Ak A, FAT R g Fodog Fashs AAE Adariz .

D dE 5] ©o] wt 2 HF ms & ARRAE JHAN YANEEE AEA)

s . malw)
& 29399, & g3o] AP, W>thresh0ld
Add 7R e 7&’8 HE myol| digiMet &getn, vz 2y HFde 09
< AR} & BE ol 7FEA)(Corpus-specific Term Weighting, CSTW)E&
G831 2ol ABET, svnice A 1A 48 ok
1 P(m:;i'w)
2 EMFA 9= CSTHTw)= . |0.0. Py
_ 1 Plmylw)
b) SVMMC 73 -4~ C’STTI(w)‘ XNXmax(O.O, P(mj) ,0)

P

) 54 23 MFE ¥ A TS UEhA e Al ZE A HFd o

sol T 2ol HEAE Y.

o == 1 [Pmlw) Pmlw) Pmyw) Plmhw)
a) EMFA 729~ CSTH (w)= TX Pon) P('m?) R P(md) s P(mJ,)
b SYMMC 2% CSTWTw= 17, x yxme s S0t Tt Fonl),

oI, N ij,("jn'“)’) oln, ) ole) RN ANE Zute A AARE

A9t}

32 1. 23R gk ol 7ESAI(CSTW) Y3zlE
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QIX|Ttet, 193 H4S

g

B 7HEAE FoI dolg EFste WA BRa £A Fol o] & 2HE
Uehlle £2a 249 9 HE2 AXE & ok NG Nmke 242 ©ol
kE ¥Pste AA 21 B 59 Do kg EFstn 2F mE Yele &
23 X9 FE 9vdth)

A (k) (k) Ny (B) N, (K
Term Wézqht,‘ — happy sad angry fear )

Nk) © NK) T Nk ME)

ATk o] Wmlo 2= 47ixle] ZH WFE 2 M EreAe @ e AH
< FE171 01'?3‘:} Aol FrEAle ©olg Za dolo] FEd st E
2%7] f8ld, B =FdMe 271K 24 ¥ F(negative®} non-negative)E 931
W emotional salience[10}2] 7/NdE 47}x] 7 WFo) &o)-+3 243 CSTW
g A%t @™ b, ole 53 R HFeIN €538 $HF AEE Hole A
o 297 e A el EMEASH SVMMCS AEA 0 9T

Alz=g +4

a3 204 &
a BA7) %01

AEol, AA WAL FA 3714 WAE Us 4 ok B2
, A2de AMeE A3 S Bl F £/ £Fdasification)
S(features) S A 3TE AAE HHole L8R A, B8] A
1 olugl o] BE] Femoticon), 2Fo] T To] EEIOA AF
© 54 28 Ag Fol T¥E ¥AHE A dAME ol A 7]
= 718 FHE A 71<PADY 9% BHE Al sTw Wi A&

o
12
Ky
¥
e,
gi
M
4:1 ,Lﬂ rE —{)

25 20| 77} %om 223 £A9 292 ¥R Aol A8, ol
e ALE RHE Ael 7% 2 EMPAS svMMCS] tis) RIS @,
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B0 A2l 3 Ho 7SR A8 7)Mol Fnt st ¢

\ PAD CSTW ]

r——L-q #ENIY

B —  mua

svMrEE |
HEERY

I TF TPIDF csTW |

T8 2. AlA' 2

2 Alzdle] 23R Al PADY % $HE Aelsh ATFEHY ¥A) ngram
W oS A3 2z e A Aue ges 2.

PADO] €@ ¥RE Al

ANEW 2] 2Ed& 10009 7o) F8 74 etol7} @tslo] sledl izt dief
P(pleasure-displeasure), A(arousal-nonarousal), D(dominance-submissivensss)®] A 7 Am
of tigh gko] &2l stk o] FEL 1~10 Alold] Y&, PADYHEY 7H4 5%
A8l -1~1 AALR MEAL 5 ok wE Bale] BAolel ) el
oJ7} ANEW ] X~Eo| ZA5ls A o] PAD o] o T (polarityy S M7
| o At shsstAl "

.}

PADZ 7183 2 BRE S8l (1418 Azele] ¥ 45 PAT 4 Ued), o
47VA) W 2ol Thel PADRLE €99 ATk o|F oz B4
A W3] &3k Tl PADZEES 34 WS 74 4 WF W dde B A,
W B happy) T SEadol AFSHe TolSe] F4 wave] fagen, e 1
ERoE BE 0FE BT Eitngy)® FolStao] Ao Bolse)
A9E 34 UR T PADRE TANAL W TE 24 wolSe) ANES Yol



QIx|ntet, H193 4=

M

E 4. PADZl0l 7iatst 24 EF 7|

Mood P value A value D value Example words
Happy + + or - -or + Hope, joy, love, etc.
Sad - - - Alone, depressed, etc.
Angry - + + Anger, dirty, etc.
Fear - + - Cancer, disaster, etc.
2 /S e 2HE Hot B HeE AT S el A gt

YE-&F 7] A AsdA g xFel pADSAY W A9

4 wtdo] FEF 2IE JHHgten, DY S48 WA 12|
A EF A% dAuyozg dojza: A2AE Z2YSATh whetk PADZIRF 773
ol AZolME ANEWZI2EA PE3} &Fd dFste TolE ol nofnever/nor
59 FAol vehd 2% 289 pet A9 g dEF o2 HAANAKIH 9. ©]
27 g A A7l T Fol dFA M &2 HERE e AR E
% %oz 2HsAch

A3t 73| ngrams 53 FAE A

g Dolg IFehe RE FFE dde B3¢ BEA glo] Asd F
Aol n-gramQZ Vel 4 otk BAo] notd T3 bi-gramQ] “not good”F Z-
7S “not_good"C.2 73l slo] dhte ERE A= HFE F otk wEA
A78e $AHol n-grame TF, TFADF, 181 Folld AW STWS 2L dof
7bER ALBYolA skl AF2Ae] J¥E gt PADY A% FFEA U
ol EMFACT ALgsed wel, AT n-gam 7|8 BHE A P GSTW
o] A45o] EMFAS} SVMMCO] Zro] AM&dt}.

A3l 24H 58 24(Enhanced Mood Flow Analysis - EMFA) 71¥

71E dTAME E20 BAd EA3e o7 2 Allg Y wEE #F
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BRE 5/ 2% 7l 820 2N 2RE I3 SA0 X2 3 Hof 75| Mg JlHe) SN0 o ol

3171 3te, ConcepNed 1119 2% GuessMood®] 4 WA ANEW 2| AEE o]

= %’“ﬂ(MOOd Flow Analyzer-MFA)217} 7059tk Z3td 243 &
F BAVIEMEAAN M E FHES Y] 98k PADY i@k Rl A2isk At
B 4] mynt 39 4360 A9 BBE TWE B AT, A
EMFAE 7|RFe.2 2749) N2 the F4o] Azl s HE i, 1 2
TR S A g

A3 3§ E47IMFA)

MFAR}E E271 §41F o8] 79 dgtez v 3 dE | E4sle dolE
o] A wat ARAQ das 2k 4 B B4 dAexs, PAD E%:‘rﬂr
FHE GuesMood T & 7] WS MEP] Hsld AAFAH dole e
ok AR A dole) At GAKE, »E Yo PAD RES A9y, U‘z} %
O GuesMood W& Agdit) Z dee] A EAARE 7 HolE s
o T E21 B AF 3L AFsted AHRET
aY 32 Era9 wEhe o sk pADZINRY 7 Bd REEH 5
! £33 ddsts ANEWR2EQ dolo disjAgt P A9 SAE WHAA

d5-S At 19 45 osTW 7] @l JREXE Alitebed ol At
¥ 540l n-gram7| {2} PADZNE] 7 I RES FEXA] AN Fio] og
E¥EH A HAFh o|Agd 484 = X 5olA AHE £ Utk

él

‘{E >l4

FAE GuessMood

71& BA7 AdolAe]l 78S AFREes B “We are stuck in the dormistory
because of big snow" S} o] A w7t gy £ teidE A S wddEy)
gt} olgd EAES thF7] Hal, ConcepetNetd] A4 U EHAE o] &3le
GuessMood 8 f‘}*‘”i% F Atk & =RdMe 7] 758 GuesMood T
A aew Ao 82 98], Open Mind Common Sense(OMCS){12] 53] 2R
49 5 BYE FE0, 1B T1UO2 e SIS AT
th o|E 9fal, YA Ekman®] 7 ol 2B FAE ANEW 2{2Ed] Sl
£ 43 dolg X¥she A4S 209, AEA dolE Ay xAe @
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QIX|ntsl, H19H HM4Z

olg: B3 BA9 g
29: happy, sad, angry, fear 3 Sh}e] 23

Az

Zt AR I EE Wy, W, Wi, Wi
PAD 7}332] W SUMs, SUM,, SUMpS
debido] Uehd ANEWRAES 4 Covew A

1. SUMp, SUM,, SUMp, Canew, Wu, W5, Wa, Wr Z7]3}

2. Ty 7z &3 disl
7t 7 Ul dolol dig]
If (A doi7} ANEWEZ 2Ed] &)

SUMp += & ©o]9] Pleasuret

SUMs += @ 19| Arousal gt

SUMp += & o9 Dominance 3t

Else If (A} ©o] ¢holl 23 o]) and

(@A ol 7} ANEWR] AE] Z3A) and

(@ol7t A% or EU B9

SUMy += & dole] Pleasuredl * (-1.0)

SUMy += & Tol9] Arousal § * (-1.0)

SUMp += & ©o]9] Dominance %t
SUM |,

M
2 Chven

SUM SV, SUM
! P(_ C»I.\'Ell' ’ 4 C—I NEW ’

If SUMp >= 0 and SUM, >= 0)

Wy += 1
Else If SUMp < 0 and SUM4 < 0 and SUMp < 0)

Ws +=1
Else If SUMp < 0 and SUM, >= 0 and SUMp > 0)

W,{ +=1
Else If SUMp < 0 and SUM4 >= 0 and SUMp < 0)

Wr +=1
3. Wy W5, Wy, Wr 5 Huizhe Ad 23 08

T3 3. PADZ(¢t 2+ Eh



RE S/ ZY M 220 B ERES QI3 280 A2l ¥ T JIBA] Mg Jldel Sujy iEt 67

9 220 B4 U
%2 happy, sad, angry, fear 3 3lL}e) 7HA
Ak
S”': [H—Iz ‘S'm A'u' El']: Z—}‘ 7&-%}%} 7}%5(] @’9’] ‘;ﬂ—]Ei

L W Ws, Wi, WS 002 273}
ey 2 24l dhal
Zb 27 o dolof dia)
If (@A dojw7} ANEWE] 2B ZA)
Sy += CSTH(w)
If B3tE 24 0] n-gramo] Ea))
Syt= CSTWATEFE £ A n — gram)
3. Wy Wy W, We 3 HoighZ Ad 724 kg

38 4. RH Ma2lg ZEst CSTW Al

A ARHer A4S dehn e B35 Zde] 95ted, ConceptNerd] 4
A EYSIZE B8 2% vold Aoz d249 FAE 2399 o g
A7/3E ConcperNer HOJEHE 0] 519 GuessMood?] 4] %—% %ﬂ%i}é}ﬂ Asf 4
2 U ESAS W A2 713X (linkage weight)S AAEGT o,
7IMe AT Ades ager) geoh

i

i
o
_Y‘i
b
gh
)

% "@ A A 7](Mood Resolver)

4 52T A WA Aol Wl glo] sAEo, 7y ARy REe 9
Adstn HF ZA2 FAE S HHS AT dehfols 719

7F A7l A 9 X8 ndslel A" /X E Rosl "

de Aol 7k FAtele] 49 Bkl B gxelol & wd]. A

& oY B FElad JFEA (=2, B=7, ¥=8, §=9)8 AUk

e b
18

ox.
tlo

fu
M

Mo e rga n<)

S
r.YL
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QIX|ntst, HM19H M4%

98 7 gl U A B4 23 e
(ell, HappyZ 3 A%, SadHPH 5, AngryZB A,
FearZH 8 A4
2% happy, sad, angry, fear F 314 74
A2k
WG= [1111]: 9w dte g3 7434
WE= [a B74]: 92 328 A% 242 7154
Sy=[H,8, A, F,]: & 284 732 g 4¢
1. Hy Sp Aw Fo& 002 27|13}
2. B2 #4419 7t Dl g3
If @ G Zzrt desty

Sy += WE,
Else
Sy += WG,

3. Ho Su 4o Fo 3 A0S AW 2% 90

12l 5, Mood Resolver &%

SVM 7|t ZHH 2&(SVM based Mood Classification - SVMMC)

SVM 71 2 EF EEd FEL A3 £ 4gdAMe svM EF9] shl
SVM ligh?& ARE-slH, 219 4% Boh Ads wgshy] s A 5714
TR AESGH0l £98 vdshe 2% dol, Zzd dol, o|REE, 55 7]
%, a2ln Zs $40 ngand AHESITE B, 715 AdA WE &
845 goti7] 98l TF, TRIDF, 18|3 ¥ =FolA A} STW Wie 4
7t 2 &3t SVMMCE H 2E3IGich Zake SVMMCS AlgdlA g3 gt

2) http:/fsvmlight.joachims.org/
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Sn
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B 20t &j2| & B0 ZKSA] A8 JiEe| 2ujo] High At

& HellXe dA AR T MH7EE TRHDE, TF 1831 STW 7HEX]
ANE Tl degxor Aeg Ao Ans Hdudth 488 HaiA e
EME 3 Zled 2 L8R 70000d e B F A F 4303700t}
(happy: 1,125, sad: 1,031, angry: 1,036, L8] I fear: 1,011). 2+ 7% H3 HE 1000
of 74 o)del BAME 237 e, 40009 A7F @ @5 @3] dislA et 1000
o A2 ol destn, Uer] 1 M deiMe 2 TEX Ag 1
Wz AH8712 stk B2 B4 #Y BEREe 220 7leg FHAHG
T4 FHHAY, Aol e olFlA Fe BuPn T Auzd §

&7bs 8kt

EMFAS| 413

GE 5). wloj22RIQl MFACRHo] A2 & 81%)011 laﬂfﬂ CST\W% 283 EMFA
_,] 7]&/\4%%0 10% & A
2 b o' "o 723
=4 W EAste B0l <
2 4% He Jd doleA &% ndste Aol A3 &
2 J2ske Aol /&EE BAAF 3 HtstE FAo] ngram ANEWE|AE
9| @olgo] FAoig Zele s BA Y WFE JEie F8 AFEA
A =7 Aol 9L WA Aol

AR, #go A2zt $4 =gl =AY Ae ohvith pADYNEe] AH ER
Hol M ed] FAE WEA7] A9 Aukdoz oF 281% ¥AEY A
e HolZl AT, ol /M AHE BFA Yol A HelAle Ein
@A) eF o AT PFE Btk ol pADZINY) 2 B/ Z1HelA A
% g 4 e SAR dE AHEY A dolde 238 2LF/E &

_\’_,

1_;8-‘3

olr
9‘-:

Tl

r‘-{u:

——t
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QIX|Tte!, 193 H4S

E 5. EMFA &8 &4l

MFA EMFA EMFA EMFA EMFA EMFA
Mood (PAD7] 4}k (CSTW) (CSTW (CSTW (CSTW
(baseline) )
HEHolAE])  'default’ -2gram) -3gram) -4gram)
Happy 974 951 1117 1116 1119 1119

(1125) (86.56%) (84.51%) 99.26%) (99.17%) (99.44%) (99.44%)

Sad 448 605 517 552 658 738
(1031) (43.45%) (58.68%) (50.15%) (53.54%) (63.82%) (71.58%)
Angry 718 718 954 968 1020 1046
(1136) (63.20%) (63.20%) (83.98%) (85.21%) (89.79%) (92.08%)
Fear 659 646 636 635 709 762
(101D) (65.18%) (63.90%) (62.91%) (64.59%) (70.13%) (75.37%)
Total 2788 2920 3224 3289 3506 3665
(4303) (65.04%) (67.95%) (74.92%) (76.43%) (81.47%) (85.17%)
g
SVMMCe| &y
d3lE FA0] n-gramE A 83 SVMMCY] A%, AN B3 Aewol &
42 0.08~0.53%F ==, n-gram?| coverageE Z7MAAH S u} EMFAS] 7% 22" Ax
A AT FEE AT £ Aot o] mud A AL 719 AT T
0.01% FJAE)F} v ARG HE 1%9] A X 23 ARG 45
0] o8 shoke] A3l WL 214 Aol BRI, WA Moz
T SVMMCOA ARRE@G3AA AF) o ADER Qs FtgE FHo
wgumo] 2% £5o) 9B e 449 AdzAe Kb oloe Aoz

FH €
teket A4 e AHgele SVMMCOHI\‘] ojn] ol Hx= HPA AFo] 47k
4 MR UET 7] BEel, 214 ER A 4 9T+ e 2
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E 6. CIE cio] 715A| AMY XBAle| 21t

Mood SVMMC (TF*IDF) SVMMC (TF) SVMMC (CSTW)
Happy (1125) 1075 (96.56%) 1086 (96.88%) 1091 (97.12%)
Sad (1031) 810 (78.56%) 849 (82.35%) 854 (82.83%)
Angry (1136 1036 (91.20%) 1067 (93.93%) 1092 (96.13%)
Fear (1011) 839 (82.99%) 853 (84.37%) 842 (83.28%)
Total (4303) 3760 (87.40%) 3855 (89.62%) 3879 (90.18%)

it

< OE ol 73R Al S d8ste Holth
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<, Feles AL veiA 37kxe] 31 HEEd deid e TF &
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£ EMFAY 7% AF8tE Ao ngam® AAE F7ishe o] 44 7 3
ol Aoz Fgs] F% P Egol HAAT, ofv] T AEES
A AW 7 Nke] shgdlolHE ALS-E sSVMMCS] 3¢ 1 A% 3ol viHlatsth

A gl STWE ©ol7l5x] A4S B8l 23S 21 e 2olE 2 od
dojEo] 23 Y PAM(mood cueyEo] B} & 7HFAE Fof Tolx EMFA
4 SVMMC E5olA 24 &/ =2 FUo

FHEoz, 9 EMFAS sVMMCe] AHES 213 2] BT & dee
710 F sled, 2o ZAE] Y4 B Hdd] setsle At ERZEH
£ Addshe o] a3t

a 2
2 =BdXe 2 259 4% $E A8 A75E 2] ngam R TF
A oE dol 7HEA A S ALER 7MY Y WFd U BF d F

A& AA 753 < 4o000) Ao B2a BAE B HAFAACE 59, A £
Fol 1] 3391 A2t oW 9L 1A & Al 0 AP FA 1I
dom, 371x9] M2 g dof 715A A A8 ¢ Agsid 2 7 A
o g 715A Aol A wAE 43S AHEYTh

2 Q79 1Y & ANEE ¥l A% Be] AEAS 4B Hele] 27
2% 4% 4 JU4o2 498 99 AL A2 9FF Aol s
H BA ngramY A e 2-gramo| A 4-gram7bA] 1 FGE ShEHA CSTW ol
AEA APEE B ASARE A9, Bgol AL A QRS AT
Sl oF 1093 Aol PREAG SVMMCS] 3% TE Bl STV A 83}
e W 046% w2 AT L BIEd, SVMMCAME AFe Fr1H dd9H
the 409 @] 75A 7del W] BREE ¢ 4 ATk

Al 2w £z FHEF RollA HA dojrlex =Rde] ¢
20 GSTWE Hol ol B} £& 45 A48 & AT, & =&
A TF TDRKE lsE 2dE sl 1 ke ANdta & 4 9
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(Abstract)

A Study on Negation Handling and Term Weighting
Schemes and Their Effects on Mood-based Text

Classification

Yuchul Jung Yoonjung Choi Sung-Hyon Myaeng

Information and Communications University

Mood classification of blog text is an interesting problem, with a potential for a variety
of services involving the Web. This paper introduces an approach to mood classification
enhancements through the normalized negation n-grams which contain mood clues and
corpus-specific term weighting (CSTW). We've done experiments on blog texts with two
different classification methods: Enhanced Mood Flow Analysis (EMFA) and Support Vector
Machine based Mood Classification (SVMMC). It proves that the normalized negation
n-gram method is quite effective in dealing with negations and gave gradual improvements
in mood classification with EMFA. From the selection of CSTW, we noticed that the
appropriate weighting scheme is important for supporting adequate levels of mood

classification performance because it outperforms the result of TF*IDF and TF.

Keywords : Mood Classification, Normalized Negation N-gram, Weighting Scheme, EMFA, SVMMC
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