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used, there is a growth on the concern about recognizing
and sharing user context. Sharing context makes the
interaction between human more plentiful as well as
helps to keep a good social relationship. Recently, it has
been applied to some messengers or mobile applications
with sharing simple contexts, but it is still required to
recognize and share more complex and diverse contexts.
In this paper, we propose a context-aware messenger
that collects various sensory information, recognizes
representative user contexts such as emotion, stress, and
activity by using dynamic Bayesian networks, and
visualizes them. It includes a modular model that is
effective to recognize various contexts and displays them
in the form of icons. We have verified the proposed
method with the scenario evaluation and usability test.
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