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Korean Onomatopoeia Clustering for Sound Database

Myung-Gwan Kim*, Young-Suk Shinﬂ, Young-Rye Kim'™

ABSTRACT

Onomatopoeia of korean documents is to represent from natural or artificial sound to human language
and it can express onomatopoeia language which is the nearest an object and also able to utilize as
standard for clustering of Multimedia data. In this study, We get frequency of onomatopoeia in the experi-
ment subject and select 100 onomatopoeia of use to our study. In order to cluster onomatopoeia’s relation,
we extract feature of similarity and distance metric and then represent onomatopoeia’s relation on vector
space by using PCA. At the end, we can clustering onomatopoeia by using k-means algorithm
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3.3 k-means Clustering Algorithm
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