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Adaptive Threshold for Speech Enhancement in Nonstationary
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This paper proposes a new approach for speech enhancement in highly nonstationary noisy environments, The spectral
subtraction (SS) is a well known technique for speech enhancement in stationary noisy environments, However, in
real world, noise is mostly nonstationary, The proposed method uses an auto control parameter for an adaptive
threshold to work well in highly nonstationary noisy environments, Especially, the auto control parameter is affected
by a linear function associated with an a postertori signal to noise ratio (SNR) according to the increase or the decrease
of the naise level, The proposed algorithm is combined with spectral subtraction (SS) using a hangover scheme (HO}
for speech enhancement, The performances of the proposed method are evaluated ITU-T P,835 signal distortion (SIG)
and the segment signal to—noise ratio (SNR} in various and highly nonstationary noisy environments and is superior
to that of conventional spectral subtraclion (SS) using a hangover (HO) and SS using a minimum statistics (MS)
methods,
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