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Abstract

In this paper we proposed a combined active contour model and motion estimation-based object tracking technique.

After assigning the initial contour, we find the object’s boundary and update the initial contour by using object’s motion
information. In the following frames, similar snake algorithm is repeated to make continuously estimated object’s region.
The snake algorithm plays a role in separating the object from background, while motion estimation provides object’s
moving direction and displacement. The proposed algorithm provides equivalently stable, robust, tracking performance with

significantly reduced amount of computation, compared with the existing shape model-based algorithms.

Keywords : snake algorithm, motion estimation, object tracking
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Table 1. Snake algorthm apply to error pixel and
average results.
(EH: pixel)
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Fig. 12. Snake algorithm apply to error pixel and average
results graph.
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Fig. 13. Result of motion estimation (a) 4th frame (b)
10th frame (c) 15th frame (d) 22th frame (e)
26th frame (f) 28th frame.
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pixel and average results graph.
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