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Regularization Parameter Determination for
Optical Flow Estimation using L-curve

Jong Dae Kim' - Jongwon Kim"™

ABSTRACT

An L-curve comer detection method is proposed for the determination of the regularization parameter in optical flow estimation. The
method locates the positive peak whose curvature difference from the just right-hand negative valley is the maximum in the curvature
plot of the L-curve, while the existing curvature-method simply finds the maximum in the plot. Experimental results show that RMSE of
the estimated optical flow is greater only by 0.02 pixels-per-frame than the least in the average sense. The proposed method is also
compared with an existing curvature-method and the adaptive pruning method, resulting in the optical flow estimation closest to the least
RMSE.

Key Words : Optical Flow Estimation, Regularization Parameter, L-Curve, Corner Detection
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