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Emotion Recognition and Expression Method using Bi-Modal
Sensor Fusion Algorithm
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Abstract : In this paper, we proposed the Bi-Modal Sensor Fusion Algorithm which is the emotional recognition method that
be able to classify 4 emotions (Happy, Sad, Angry, Surprise) by using facial image and speech signal together. We extract the
feature vectors from speech signal using acoustic feature without language feature and classify emotional pattern using
Neural-Network. We also make the feature selection of mouth, eyes and eyebrows from facial image. and exiracted feature
vectors that apply to Principal Component Analysis(PCA) remakes low dimension feature vector. So we proposed method to
fused into result value of emotion recognition by using facial image and speech.

Keywonds : bi-modal sensor fusion algorithm, facial image, speech, emotion recognition, emotion expression, neural-network,

principal component analysis
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Table 1. Parameter setting of neural-network.
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Table 2. Training result.
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Fig. 1. Error graph.
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