HIE B{AERE 0[RS v TiEl Eiklel 45 74M Wt 105

HIE S=2{AEZIS 0|88t giwr el EAlS
s M yot

Advanced Improvement for Frequent Pattern Mining using
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Abstract

Data mining extracts interesting knowledge from a large database. Among numerous data
mining techniques, research work is primarily concentrated on clustering and association
rules. The clustering technique of the active research topics mainly deals with analyzing
spatial and attribute data. And, the technique of association rules deals with identifying
frequent patterns. There was an advanced apriori algorithm using an existing bit—clustering
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algorithm. In an effort to identify an alternative algorithm to improve apriori, we investigated
FP—Growth and discussed the possibility of adopting bit—,clusterin' as the alternative
method to solve the problems with FP—Growth. FP—Gfo_wth using bit—clustering demonstrated
better performance than the existing method. We used chess data in our experiments. Chess
data were used in the pattern mining evaluation. We made a creation of FP—Tree with
different minimum support values. In the case of high minimum support values, similar
results that the existing techniques demonstrated were obtained. In other cases, however,
the performance of the technique proposed‘in this paper showed better results in
comparison with the existing technigue. As a result, the technique proposed in this paper
was considered to lead to higher performance. In addition, the method to apply
bit—clustering to GML data was proposed.
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