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Abstract

In case that multichannel blind deconvolution (MBD) applies to signals of which autocorrelation has a high level,
separated signals are temporally whitened by diagonal elements of a separation filter matrix. In order to reduce this
distortion, the algorithms, which are based on either constraining diagonal elements of a separation filter matrix or
estimating a separation filter matrix by using linear prediction residual signals, are presented. Still, some problems are
generated in these methods, when we separate reverberation of signals themselves or interference signals from mixed
signals. To solve these problems, this paper proposes the multichannel blind deconvolution method which divides
processing procedure into the stage to separate interference signals and the stage to eliminate a reverberation of signals
themselves. In simulation results, we confirm that the proposed algorithm can solve the problems.

Keywords : multichannel blind deconvolution, blind source separation, convolutive mixture.
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Fig. 1. A instantaneous (a) mixture, (b} separation of
signals (n=2).
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Fig. 3. The estimation of a matrix of a separation filter

using LPC residual signals of (a) mixed signals,
{b) separated signals.
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