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The performance Evaluation of SA filters for images corrupted by mixed noise

Jongkwan Song*
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ABSTRACT

The SA filters encompass a large class of filters based on order statistics as well as linear FIR filters. Using SA filter structure, it is possible
to design finear and non-linear filters under a unified framework. In this paper SA filters are applied to an image smoothing problem for mixed

noise. Original image is contaminated by Gaussian and impulsive noise. Optimal SA filters are designed and applied to contaminated image.
The experimental result shows that SA. filters outperform linear FIR and ordering-based nonlinear filters.
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E 1o AMT T &3 A42t9 PSNR.
Table 1. PSNR between the original and filtered

image.
SAMAX SAMED

K My, PSNR My PSNR

1 9 2.23 9 223

2 45 22.36

3 129 25.97 93 25.96

4 255 26.02

5 381 2694 219 2691

6 465 2695

7 501 27.04 255 27.00

8 510 27.04

9 511 27.04 256 27.00
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