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Colored Object Extraction using Fuzzy Neural Network
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Abstract

This paper presents a method of colored object extraction from an image using the fuzzy neural network. Fuzzy
neural network divides an image into two clusters. It extracts the prototypes of Ch and Cr of object and background
by controlling the vigilance parameter. The proposed method extracted object regardless of the position, the size, and
the intensity of object. We compared the performance of the proposed method with that of the method of using
subjective threshold value. And, we compared the performance of the proposed method with that of the method of
using subjective threshold value by using several images with added noises.

Key Words : Improved IAFC(Integrated Adaptive Fuzzy Clustering) Fuzzy Neural Network, Vigilance Parameter,
RGB, YCbCr, Object Extraction
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Fig. 1. A flow chart of object extraction
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