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Construction of System for Water Quality Forecasting at Dalchun
Using Neural Network Model
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Abstract

Forecasting of water quality variation is not an easy process due to the complicated nature of various

water quality factors and their interrelationships. The objective of this study is to test the applicability of

neural network models to the forecasting of the water quality at Dalchun station in Han River. Input data is

consist of monthly data of concentration of DO, BOD, COD, SS and river flow. And this study selected

optimal neural network model through changing the number of hidden layer based on input layer(n) from n

to 6n. After neural network theory is applied, the models go through training, calibration and verification.

The result shows that the proposed model forecast water quality of high efficiency and developed web-

based water quality forecasting system after extend model
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Table 2. YHR|HO| SHOE 2Ho| MHE A3t sHy
Index Model Average Standard deviation Skewness
DO Observed 10.156 2.217 0.654
DO(1)1n3000 10.156 1.619 0.367
DO(1)6n1000 10.013 1.723 0.409
DO(2)2n5000 10.160 2.138 0.592
DO(2)3n3000 10.173 1977 0.569
BOD Observed 1.118 0.548 1.825
BOD(1)4n5000 1.107 0.493 1512
BOD(2)2n3000 1.155 0.385 1.347
BOD(3)4n5000 1.125 0.512 1.796
BOD(3)6n5000 1131 0.598 1.901
SS Observed 5.178 5.754 5.049
SS(1)2n3000 4.523 3.276 7.254
SS(1)4n3000 4.915 5.174 6.029
SS(2)4n3000 5.293 5.375 5.325
SS(2)5n5000 5.572 54.12 6.724
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by using neural network model
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