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Abstract

Using statistical methods a change-point analysis of oil supply disruption is conducted. The statistical
distribution of oil supply disruption is a weibull distribution. The detection of the change-point is applied
to Bayesian method and weibull parameters are estimated through Markov chain monte carlo and parameter
approach. The statistical approaches to the estimation for the change-point and weibull parameters is im-
plemented with the sets of simulated and real data with small sizes of samples.
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