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Abstract This study devotes to compare the accuracy of Top-N recommendations of items
transacted on the web site for customers with the accuracy of rank conformity of the real ratings
with estimated ratings for customers’ preference about items generated from two types of collaborative
filtering algorithms. One is Neighborhood Based Collaborative Filtering Algorithm(NBCFA) and the
other is Correspondence Mean Algorithm(CMA). The result of this study shows the accuracy of
Top-N recommendations and the rank conformity of real ratings with estimated ratings generated by
CMA are better than that of NBCFA It would be expected that the customer’s satisfaction in
Recommender System is more improved by using the prediction result from CMA than NBCFA, and
then Using CMA in collaborative filtering recommender system is more efficient than using NBCFA.

Key Words : Collaborative Filtering, Correspondence Mean Algorithm, Recommender System,
Top~N Recommendation
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