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Semantic Topic Selection Method of Document for Classification
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ABSTRACT

The web as global network, includes text document, video, sound, etc and connects each distributed information using link. Through
development of web, it accumulates abundant information and the main is text based documents. Most of user use the web to retrieve
information what they want. So, numerous researches have progressed to retrieve the text documents using the many methods, such as
probability, statistics, vector similarity, Bayesian, and so on. These researches however, could not consider both the subject and the semantics
of documents. As a result user have to find by their hand again. Especially, it is more hard to find the korean document because the researches
of korean document classification is insufficient. So, to overcome the previous problems, we propose the korean document classification
method for semantic retrieval. This method firstly, extracts TF value and RV value of concepts that is included in document, and maps into
U-WIN that is korean vocabulary dictionary to select the topic of document. This method is possible to classify the document semantically and
showed the efficiency through experiment.
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Table. 1 Symbol and Meaning of U-WIN
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Table. 2 Process of Document Classification
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