46

28 gES 0|8

r°l-

V]

oY - Xis3 - AIABES ==X M 13 2, M 1 2 2007. 1

J

FololE] ROl BB AT
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(Jae-Kook Lee, Chang-Ho Son, and Won-Ho Choti)

Abstract : In this paper, we propose a new data clustering method using local probability and hypothesis theory . To cluster the test
data set, we analyze the local area of the test data set using local probability distribution and decide the candidate class of the data set
using mean, standard deviation and variance etc. To decide each class of the test data, statistical hypothesis theory is applied to the
decided candidate class of the test data set. For evaluating, the proposed classification method is compared to the conventional fuzzy
c-mean method, k-means algorithm and Discriminator analysis algorithm. The simulation results show more accuracy than results of
fuzzy c-mean method, k-means algorithm and Discriminator analysis algorithm.
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Table 1. Features of the iris data set.

Class 1: Iris Setosa Mean Std Deviation
Sepal Length 5.01 0.35
Sepal Width 343 0.38
Petal Length 1.46 0.17
Petal Width 0.30 0.13
Class 2: Iris Wersicolor Mean Std Deviation
Sepal Length 5.94 0.52
Sepal Width 2.77 0.31
Petal Length 429 047
Petal Width 133 020
Class 3: Iris Virginica Mean Std Deviation
Sepal Length 6.59 0.64
Sepal Width 298 0.32
Petal Length 5.55 0.55
Petal Width 2.03 0.27
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e
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Fig. 6. Classification result of Iris data: setosa(A),versicolor(L), and
virginica(O).
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Table 2. Features of the test data set.

Addglo]g = B Mean Mean
X-axis 176.6 16.41
Class 1
Y-axis -81.76 593
Aol | X-axis | 3822 | 39.13
1 Y-axis -109.1 931
X-axis 502 438
Class 3
Y-axis -1284 10.85
X-axis 28.61 221
Class 1
Y-axis -55.71 4.67
Agdlers) | X-axis | 6039 | 596
2 Y-axis | -5082 | 431
X-axis 76.17 7.05
Class 3 -
Y-axis -58.81 483
X-axis 119.3 2146
Class 1 -
Y-axis 3797 19.09
Aol | Xaxis | 4103 | 1948
3 Y-axis 119.5 19.19
X-axis 159.1 19.31
Class 3 -
Y-axis 158.0 2159
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Table 3. The comparison table of classification.
Fuzzy K- Discriminant | Proposed
No Number C-mean | means Analysis Algorithm
Data | 150 94 94 95 96
Data 2 150 95 95 96 97
Data 3 600 99 99 9 99
Sepal
Length 150 98 99 99 99
Sepal
Width 150 98 99 99 99
Petal
Length 150 99 99 99 99
Petal
Width 150 9 99 99 99
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