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Abstract

This paper presents a novel approach to speech enhancement based on a complex Laplacian probability density function
{pdf). With a use of goodness-of-fit (GOF) test, we show that the complex Laplacian pdf is more suitable to describe the
conventional Gaussian pdf. The likelihood ratio (LR) is applied to derive the speech absence probability in the speech
enhancement algorithm. The performance of the proposed algorithm is evaluated by the objective test and vields better
results compared with the conventional Gaussian pdf-based scheme.
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Fig. 1. Comparison of Laplacian and Gaussian CDF of
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noise (SNR=10 dB) (b) vehicular noise (SNR=10
dB).
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