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Abstract

The gait recognition is presented for human identification from a sequence of noisy sithouettes segmented from video
by capturing at a distance. The proposed gait recognition algorithm gives better performance than the baseline algorithm
because of segmentation of the object by using multiple modules; i) motion detection, ii) object region detection, iii) head

detection, and

iv) active shape models, which solve the baseline algorithm’s problems to make background, to remove

shadow, and to be better recognition rates. For the experiment, we used the HumanID Gait Challenge data set, which is
the largest gait benchmarking data set with 122 objects, For realistic simulation we use various values for the following
parameters; i) viewpoint, ii) shoe, iii) surface, iv) carrying condition, and v) time.
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(a) (b}

baseline algorithm structure. (a) Input image, (b)
bounding box, (¢) background image estimation,
{d) silhouette extraction
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