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3. Modified Bagging Predictors
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Abstract

SOHO Bankruptcy Prediction Using
Modified Bagging Predictors

Seung Hyuk Kim' - Jong Woo Kim

In this study, a SOHO (Small Office Home Office) bankruptcy prediction model is proposed
using Modified Bagging Predictors which is modification of traditional Bagging Predictors. There
have been several studies on bankruptcy prediction for large and middle size companies. However,
little studies have been done for SOHOs. In commercial banks, loan approval processes for SOHOs
are usually less structured than those for large and middle size companies, and largely depend on par-
tial information such as credit scores. In this study, we use a real SOHO loan approval data set of
a Korean bank. First, decision tree induction techniques and artificial neural networks are applied to
the data set, and the results are not satisfactory. Bagging Predictors which has been not previously
applied for bankruptcy prediction and Modified Bagging Predictors which is proposed in this paper
are applied to the data set. The experimental results show that Modified Bagging Predictors provides
better performance than decision tree inductions techniques, artificial neural networks, and Bagging

Predictors.

Key words : Bankruptcy Prediction, Data Mining, Bagging Predictors, Artificial Neural Networks,

Decision Tree Induction
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