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ABSTRACT

In this paper, an algorithm that can define the threshold value automatically proposed in order to detect
a brain ventricle in MRI brain images. After the wavelet transform, edge sharpness, which means the
average magnitude of detail signals on the contour of the object, was computed by using the magnitude
of horizontal and vertical detail signals. The contours of a brain ventricle were detected by increasing
the threshold value repeatedly and computing edge sharpness. When the edge sharpness became maximal,
the optimal threshold was determined, and the detection of a brain ventricle was accomplished finally.
In this paper, we compared the proposed algorithm with the geodesic active contour model numerically
and verified the efficiency of the proposed algorithm by applying real MRI brain images.
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