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Abstract

Value prediction of instruction issue width in superscalar processor is a technique to obtain
performance gains by supplying earlier source values of its data dependent instructions using
predicted value of a instruction. In this paper, the mean performance improvement by
predictor as well as prediction accuracy and prediction rate are meaned and assessed by
comparison and analysis of value predictor that instruction issue width(4,8,16) in parallel and
run by predicting value, which is for performance improvements of ILP[4]l. The experiment
result show the superiority hight performance of 8-issue.
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