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Abstract

This paper proposes an improved FCM(Fuzzy C-means) algorithm using intercluster and entropy-based weight in gray
image. The fuzzy clustering methods have been extensively used in the image segmentation since it extracts feature
information of the region. Most of fuzzy clustering methods have used the FCM algorithm. But, FCM algorithm is still
sensitive to noise, as it does not include spatial information. In addition, it can’t correctly classify pixels according to the
feature-based distributions of clusters. To solve these problems, we applied a weight and intercluster to the traditional
FCM algorithm. A weight is obtained from the entropy information based on the cluster's number of neighboring pixels.
And a membership for one pixel is given based on the information considering the feature-based intercluster. Experiments

has confirmed that the proposed method was more tolerant to noise and superior to existing methods.
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Fig. 1. FCM and IFCM algorithm.
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Fig. 2. The images that are obtained by each algorithm for Cameraman image.

(a) : Original images. (b) : Results by FCM algorithm. {¢) : Results by Yang's method. (d) :

Results by Ahn’'s method. (e) * Results by the proposed method
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Results by the proposed method
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