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ABSTRACT

In array signal processing, high order statistics can be used to estimate parameters from signal of sums of
complex exponential. In this paper, we derive two types of direction finding algorithms which use the
fourth-order cumulant and moment of the received array data. Since the fourth order cumulant can suppress the
Gaussian noise, the response of MPM has better noise immunity than the conventional approaches. The
performance of each method in regard to the probability of resolution and SNR in the presence of the Gaussian
noise is investigated. As a result, the proposed method applied to the fourth-order statistic can find DOA more

correctly in the presence of the Gaussian noise.
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