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Development of Emotion Recognition Model based on
Multi Layer Perceptron
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Abstract

[n this paper, we propose sensibility recognition model that recognize user’s sensibility using brain waves. Method to
acquire quantitative data of brain waves including priority living body data or sensitivity data to recognize user’'s
sensitivity need and pattern recognition techniques to examine closely present user’'s sensitivity state through next
acquired brain waves becomes problem that is important. In this paper, we used pattern recognition techniques to use
Multi Layer Perceptron (MLP) that is pattern recognition techniques that recognize user's sensibility state through
brain waves. We measures several subject’s emotion brain waves in specification space for an experiment of
sensibility recognition model’s which propose in this paper and we made a emotion DB by the meaning data that
made of concentration or stability by the brain waves measured. The model recognizes new user’'s sensibility by the
user's brain waves after study by sensibility recognition model which propose in this paper to emotion DB. Finally,
we estimates the performance of sensibility recognition model which used brain waves as that measure the change of
recognition rate by the number of subjects and a number of hidden nodes.

Key words : Multi Layer Perceptron, Sensibility Recognition, Sensibility Recognition Model, Biofeedback

LM = & el W A 99 42 e eoe
B ERAE of Suxe 4o hE AANEE
stu 7 P8 APAEY FEE SRS FF 9
8 5B 344 RS Agsel e @ F A A

ANEE 9Y Wo AHge Al 44 JHUS

Azke] HAwrt e 34T wggel WF 4 B
dolelr} §5 fokwl ched Aulze] B sHe@ Aol T
o ¥5e ol&ste] Aye) Na P PaAe) z7) wm  EAel A

of 5T BA) A WE T Alulze) Bl by UM T e AN 2€S AdAH.

éll = ey o0 i
&} 74014[1 3] m}]-roa] AANEE 2452 oo W3 =Y TS B A 230Me AAAze §
ol Mlo| AE T&EIIA} :}th A7t 718 Folth, S& e Ly 258 e s 7 Akl gl o
Apg-z1] 7124_0. =731 dHe Agxle] ua =ax S AA delEE d5stn g 3 Ao #F HEE
7tel AR A5 2 AHE Alge A 24 wwe 5 s, 3FME 28 5F YANEE Sgetn
& 9rH4-51. o714 AR E 11:].;}-9} AAE zAzs: AEE HEAY HIE sk dAEdd AF WEe
2x81s wE o] YA Ao BE @ olde] ol g THETh 4FelME 2%elA 453 YANse] FuHe o
oJElE 3ol A AAE SHRAR Seg NPT F 2y
ot o o = 2 IgR f9 i} | e de A3l b 71& e
RT LA 20064 42 13 SAToE 5 AR % BF DA e =gk
R AXL 1 20063 6 2¥
B oATE MRS HAPYRAATAYL
Exalol gt & HAHE & ¥ AW =L Y
o] odH| Koz FEHJYGUCE ATFH X[ o
adAar=g ot

372



2.1 MEHNL

49 A9 Agde] hPE WA A Gel 54 4
el g o2 ¥ FHo] YEEE, HWA IR
BAe BAMR gjelel 9 el shssich YA s
2ol Age Ulem st AW A%, AU AR 2
7] wel BA M L ANAE ) AsME Ha 257
olgel MEAE Gatez 4RL Ao (8] ¥ oML
Aol Qe 42 WA 1587 49l o4 109 thstel 4
2 AN AE FAGLe AFE TUHE Al o]
AAE AT e ARIAPS)E AAF2 2 AAgdozA o
BT o] A¥os A she Aue 2 A M
of 24 Wl ARAE, AFEOITh AR A 4
58 ¥S87) A% 54 PuEE EEGH47] QEEGsSH
AAE 2"7] LXCI0ALAXTHA Inc.)S AH&atgith

8 1. A ASERHA10/20H)
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Fig. 2. Biosignal measurement
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Table 1. Experiment Procedure
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Fig. 4. variations of concentration about sensibilities
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Table 2. The quantification data using ranking selection.
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