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The Performance Comparison of Classifier Algorithm for Pattern Recognition

of Welding Flaws

Sung-Un Yoon*, Chang-Hyun Kim®, Jae-Yeol Kim""

J} Abstract |L

In this study, we nodestructive test based on ultrasonic test as inspection method and compared backpropagation
neural network(BPNN) with probabilistic neural network(PNN) as pattern recognition algorithm of welding flasw. For
this purpose, variables are applied the same to two algorithms. Where, feature variables are zooming flaw signals
of reflected whole signals from welding flaws in time domain. Through this process, we confirmed advantages/
disadvantages of two algorithms and identified application methods of two algorithms.
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