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Abstract

A main objective of audio equalizer is for user to tailor acoustic frequency response to increase sound comfort and
example applications of audio equalizer includes large-scale audio system to portable audlo such as mobile MP3 player. Up
to now, all the audio equalizer requires manual settmg to equalize frequency bands to create suitable sound quality for
each genre of music. In this paper, we propose an intelligent audio graphic equalizer system that automatically classifies
the ‘'music genre using music content analysis and then the music 'sound is boosted with the given frequency gains
according to the classified musical genre when playback In order to reproduce comfort sotnd, the musical genre is
determined based on two-step hierarchical algorithm - coarse- level and finé- level c1a551ﬁcat10n It can prevent annoying
sound reproductlon due to the sudden change of the equalizer gains at the beginning of the music playback. Each stage of
the music classification experiments shows at least 80% of success with complete genre Cclassification and equalizer
operatlon Wlt;hm 2 sec. Simple /W graphical user interface of 3- band automahc equahzer is nnplemented usmg vxsual CH++
on personal computer .
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