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Development of the Goods Recommendation System using

Association Rules and Collaborating Filtering
Ji—Hye Kim' Doo-Soon Park'

ABSTRACT

As e-commerce developing rapidly, it is becoming a research focus about how to find
customer's behavior patterns and realize commerce intelligence by use of Web mining
technology. One of the most successful and widely used technologies for building
personalization and goods recommendation system is collaborating filtering. However,
collaborative filtering have serious data sparsity problem. Traditional association rule does not
consider user's interests or preferences to provide a user with specific personalized service.ln
this paper, we propose an goods recommendation system, which is integrated an collaborative
filtering algorithm with item—to—-item corelation and an improved Apriori algorithm. This system

has user's interests or preferences ro provide a user with specific personalized service.
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